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Objective

Build a future-ready foundation 
for intelligent, scalable 
document management.

Business Challenge
The client, a large enterprise managing millions of documents annually, 
faced severe ine�ciencies in document processing work�ows. Their 
operations relied heavily on manual data extraction and outdated tools, 
making the process

The organisation needed a modern, AI-driven solution to automate 
extraction, enhance data accuracy, and seamlessly integrate with existing 
systems all while maintaining cost e�ciency and performance reliability. Minimise operational costs 

while maintaining 
compliance and security.

Ensure seamless 
integration with existing 
work�ows and IT systems.

Automate document 
classi�cation and key data 
extraction from multi-format 
sources (PDF, Word).

Improve accuracy, 
consistency, and 
processing speed at 
scale.

Leverage AI and RAG 
architecture for 
domain-grounded 
document comprehension.

Time-consuming, with 
long turnaround times for 
document validation and 

extraction.

Error-prone, especially when 
dealing with unstructured or 

multi-format data (PDFs, scanned 
images, handwritten forms, etc.).

Expensive, requiring 
large teams to manage 

repetitive tasks.

Di�cult to scale, as 
document volumes 
grew exponentially.

Overview
Revolutionising document processing 
work�ows to unlock e�ciency, reduce costs, 
and enable scalable growth.



Solution Approach
1. Discovery & Assessment

Conducted detailed work�ow analysis to identify pain points and 
de�ne measurable goals in accuracy, performance, and cost 
optimisation.

Mapped document formats, metadata structures, and user 
work�ows to de�ne data ingestion and output requirements.

2. AI Agent Design & Development

• Developed an AI Agent powered by a �ne-tuned Large 
Language Model (LLM) to automate document classi�cation 
and information extraction.

• Enabled intelligent recognition of key entities (names, dates, 
amounts, identi�ers) from both structured and unstructured 
text.

• Automated metadata tagging and indexing to support quick 
retrieval and reporting.

4. Scalable Processing Infrastructure

• Engineered a robust data pipeline capable of processing 11.5 
million pages.

• Optimised cloud infrastructure for high throughput and cost 
e�ciency.

• Deployed distributed workers to handle parallel processing of 
large �les (>1,000 pages).

5. Performance Optimisation & Validation

• Created a custom evaluation suite to measure extraction 
accuracy, latency, and consistency across �le formats.

• Reduced model token usage through e�cient prompt 
structuring, achieving major cost savings per page.

• Conducted continuous model retraining with edge-case 
datasets to maintain precision

6. Seamless Integration

• Integrated processed outputs directly into existing ERP and 
work�ow systems.

• Delivered real-time dashboards for monitoring extraction 
status, accuracy trends, and cost e�ciency.

• Achieved deployment with zero downtime and minimal user 
retraining.

3. Integration of RAG (Retrieval-Augmented Generation) 
Capability

To improve contextual accuracy and domain relevance, a RAG-based 
pipeline was integrated into the AI Agent.
This enhancement allowed the system to:

• Retrieve relevant contextual data from an enterprise 
knowledge base before generating outputs.

• Ensure extracted data aligns with company-speci�c policies, 
document templates, and industry standards.

• Enable real-time referencing of large document repositories 
(contracts, reports, case �les) to verify extracted information.

• Support auditable, explainable outputs, as every extracted 
data point could be traced back to its original context.

Technical Highlights:

• Built a vector database using embeddings for document 
chunks, enabling semantic retrieval across millions of �les.

• Combined the LLM’s generative capabilities with retrieved 
source context to ensure accuracy and traceability.

• Deployed a hybrid search (keyword + semantic) mechanism for 
improved recall in complex document types.



Enhanced accuracy and 
contextual reliability through 

RAG-based validation.

Signi�cant cost savings via 
optimised LLM usage and 

automated scaling.

Full compliance with enterprise 
data governance and audit 

requirements

Results & Impact

Key Takeaway
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90% reduction in manual 
document processing e�orts.

80% faster document 
turnaround times.

11.5 million pages processed in 
24 hours with 99% system 

uptime.

By combining LLM-based automation with RAG-enabled 
contextual retrieval, the client transformed its document 
processing work�ows into a self-learning, scalable, and 
cost-e�cient AI ecosystem.

This architecture not only accelerated operations but also 
ensured traceable, explainable, and highly accurate 
document intelligence at enterprise scale.
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